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Abstract Climate field reconstructions (CFRs) of the global annual surface air temperature (SAT) field
and associated global area-weighted mean annual temperature (GMAT) are derived in a collection of
pseudoproxy experiments for the past millennium. Pseudoproxies are modeled from temperature (T),
precipitation (P), T+ P, and VS-Lite (VSL), a nonlinear and multivariate proxy system model for tree ring
widths. Spatial patterns of reconstruction skill and spectral bias for the T+ P and VSL-derived CFRs are
similar to those previously shown using temperature-only pseudoproxies but demonstrate overall degraded
skill and spectral bias for SAT reconstruction. Analysis of GMAT spectra nevertheless suggests that the

true GMAT frequency spectrum is resolved by those pseudoproxies (T, T+ P, and VSL) that contain some
temperature information. The results suggest that mixed temperature and moisture-responding
paleoclimate data may produce actual GMAT reconstructions with skill, error, and spectral characteristics like
those expected from univariate and linear temperature responders, but spatially resolved CFR results should
be analyzed cautiously.

1. Introduction

Pseudoproxy experiments (PPEs; see Smerdon [2012] for a comprehensive review) are synthetic evaluations
of the uncertainties associated with the reconstruction of actual climate indices and climate fields. Because
the PPE construct is systematic, albeit with realistically chosen observing sites, observational uncertainty,
and reconstruction methodology, PPE results can be used to assess the likely impact of climate field recon-
struction (CFR) uncertainties via controlled experimentation. PPE-based research has shown that observing
network [Evans et al., 1998, 2001, 2002], space [Smerdon et al., 2011a], time and frequency [von Storch

et al., 2004; Mann et al., 2005; von Storch et al., 2009; Wang et al., 2014], methodology [von Storch et al., 2009;
Smerdon et al., 2011b], paleodata type [Evans et al., 2002], environmental response [Franke et al., 2013], error
model [von Storch et al., 2009], reconstruction target [Smerdon et al., 2011a; Christiansen, 2011; Emile-Geay
et al., 2013], and possibly forcing mechanism [Wang et al., 2014] can all substantially influence the skill and
uncertainty characteristics of CFRs and derived indices.

One of the most important sets of annual resolution paleodata are tree ring width chronologies [e.g., Evans
etal, 2013; Wang et al., 2014]. Although selected for use in CFRs to reflect a univariate and linear proxy sys-
tem response to temperature [Mann et al., 1999], trees generally represent a nonlinear and multivariate
sensor of environmental variations [Fritts, 1976; Cook and Kairiukstis, 1990; Vaganov et al., 2006, 2011; Franke
et al., 2013]. Studies have examined the sensitivity of actual CFRs to inclusion of tree ring observations
[Mann et al., 1998; Evans et al., 2002; Mann et al., 2008], but CFR skill and uncertainty arising from use of tree
ring width chronologies (or, for that matter, any nonlinear or nonunivariate proxy system) have not been
systematically isolated and explored in the PPE context. Here we assess CFR uncertainty in a PPE in which
pseudoproxies are modeled using information other than surface temperature, including a proxy system
model for tree ring width variations [Evans et al., 2006a; Graham and Wahl, 2011]. Although a vast simplifica-
tion of tree physiology, this model, VS-Lite, is realistically multivariate and nonlinear and has been validated
against actual tree ring width chronology data [Vaganov et al., 1999; Evans et al., 2006b; Anchukaitis et al.,
2006; Tolwinski-Ward et al., 2011a, 2011b, Breitenmoser et al., 2014]. We use the PPE construct to infer
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how the skill and uncertainty attributes
of real-world temperature CFRs may
depend on the linearity and dimen-
sionality of the proxy system models on
which they are based.

2. Experimental Design

As our reconstruction target, we used
annually averaged surface tempera-

-90 ture fields from the last millennium
“ERIK-2" run (1000-1990 Common Era
w0  (CE)) [Gonzdlez-Rouco et al., 2006,
2009], a simulation produced with the
atmosphere-ocean general circulation
model (GCM) ECHO-G [Legutke and Voss,
1999; Min et al., 2005a, 2005b] consist-
ing of the European Centre/Hamburg
Atmospheric GCM (ECHAM4) coupled to
the Hamburg Ocean Primitive Equation
GCM (HOPE-G). The ECHO-G simulation
was interpolated to 5 X 5° spatial reso-
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Figure 1. (top) Map of all grid cells containing climate proxy data in the
Mann et al. [2008] network on the 5 x 5° grid (open red squares) and
those that just contain dendroclimatic data (closed black circles). Grey
shading indicates reconstruction target field masked by actual surface
air temperature availability [Brohan et al., 2006]. (bottom) Map of the
standard deviation of mean annual surface temperature from the ERIK-2

lution [Smerdon et al., 2011b], with an
observational mask that approximates
data availability from the gridded tem-
perature product of Brohan et al. [2006]
(Figure 1; for further details, see Mann
et al. [2008] and Smerdon et al. [2011b]).
Although CMIP5/PMIP3 simulations

are now available [Taylor et al., 2012],
use of the ERIK-2 simulation in these

ECHO-G simulation [Gonzdlez-Rouco et al., 2006, 2009] based on the

reconstruction validation interval 1000-1855 C.E. experiments allows direct comparison

with other PPEs in the literature that use

only mean annual surface air tempera-
ture to construct the pseudoproxies; see the supporting information (hereinafter Sl) for more information.
ECHO-G ERIK-2 simulated precipitation and temperature fields differ systematically from climatological
observations in mean, annual cycle and variance at the grid point scale over some regions in which we
simulate tree ring widths, but they are also broadly realistic at the large scale [Min et al., 20053, 2005b], as
expected from GCM output [von Storch, 1995, 2010]. Therefore, we did not correct ECHO-G output for bias
relative to observed climatology prior to construction of the pseudoproxies. We used the model output to
create pseudoproxies at 191 grid cells in which dendrochronological data (tree ring width or maximum late-
wood density) were available in the Mann et al. [2008] multiproxy network. Four sets of pseudoproxies were
derived from ECHO-G output: (1) annually averaged temperature (T), (2) annually averaged precipitation
(P), (3) equally weighted sum of annual temperature and annual precipitation (T + P), and (4) tree ring width
chronologies simulated by VS-Lite (VSL), for which inputs were site latitude and monthly temperature and
precipitation (section S1).

VS-Lite is a simple but realistic model for simulating tree ring width variations as a thresholded minimization
function of temperature and soil moisture, scaled by insolation and integrated over a prescribed preseason
and growing season [Tolwinski-Ward et al., 2011a]. Soil moisture, in turn, is estimated within VS-Lite via the
Climate Prediction Center Leaky Bucket model [Huang et al., 1996] and input temperature and precipitation.
We implemented VS-Lite using both tuned (SI) [Tolwinski-Ward et al., 2013] and default [Tolwinski-Ward et al.,
2011a] parameters. Tolwinski-Ward et al. [2013] found that the use of biased inputs may also bias estimation
of the VS-Lite parameters; the authors also found that the skill of VS-Lite simulations may be sensitive to
both moisture and temperature parameters depending on climatology of the location. However, results of
VS-Lite simulations with tuned and default parameters are quite similar (1000-1855 C.E. median correlation
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Figure 2. CFR correlation with true field for (a) temperature only (T), (b) precipitation only (P), (c) temperature plus precipitation (T +P), and (d) VS-Lite
pseudoproxy-based reconstruction of mean annual temperature (VSL).

over 191 raw simulations equals 0.77, 80% of correlations within the interval 0.39-0.97). When evaluated
by location for moisture and temperature limitations, both tuned and default simulations produce results
that are realistic (Figure S1). As in the real world, most simulated high latitude sites are temperature limited;
moisture-limited sites are found in semiarid regions, and there are few sites that are either moisture or tem-
perature limited [Babst et al., 2013; St. George and Ault, 2014], consistent with prior expectations based on
principles of dendrochronology and observations [Fritts, 1976].

To produce the CFRs, we added Gaussian uncorrelated noise with mean zero and variance 4/5 to all cen-
tered, noise-free candidate series (T, P, T+ P, and VSL) scaled to a variance of 1/5. This construct (see SI)
results in pseudoproxies with zero mean, unit variance, and signal-to-noise ratio (SNR) by standard
deviation [Smerdon, 2012] of 0.5, with the added noise term representing the local observational error
with respect to surface air temperature. For T-based pseudoproxies, this may be interpreted simply as
measurement uncertainty, but for T+P, P, and VSL, the noise term also represents the observational
uncertainty arising from the pseudoproxy formulation itself. It may not, however, represent sources of
variation not directly related to climate [von Storch et al., 2009]. We used canonical correlation analy-
sis (CCA) [Smerdon et al., 2011b] (SI) to produce each CFR, with pseudoproxy calibration over the period
1856-1990 C.E. We report validation statistics for the full reconstruction period 1000-1855 C.E. The skill
of reconstructed temperature fields is evaluated using correlation, root-mean-squared error (RMSE),
bias, and amplitude ratio (reconstructed amplitude/true amplitude, as measured by standard devia-
tion of the fields), all of which are measured relative to the “true” fields known from the complete and
original ECHO-G surface temperatures. For each PPE, we also constructed area-weighted global mean
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Table 1. Summary Statistics for PPE Experiments

PPE? r(GMAT)P r(Field)® ocrr/Otrued Bias® RMSES
T 0.78(<0.0001) 0.41 0.45 0.1 0.53
P 0.26(0.13) 0.14 0.30 0.29 0.67
T+P 0.77(<0.0001) 0.39 0.45 0.12 0.54
VSL 0.65(0.0003) 033 0.41 0.19 0.60

@Pseudoproxy experiments as described in section 2.

bCorrelation between reconstructed and true area-weighted GMAT; p values for GMAT
correlations in parentheses given estimated effective degrees of freedom equal to 21, 21,
21, and 24 for T, P, T+ P, and VSL-based area-weighted GMAT from the respective PPEs.

“Point-wise correlation between reconstructed and true surface temperature fields.

dMean grid point amplitude ratio, reconstructed/true.

€Mean grid point bias, reconstructed-true.

fMean grid point root-mean-square error, reconstructed-true.

annual temperature (GMAT) time series and their spectra for comparison with the true GMAT time series
and spectrum.

3. CFR Skill and Uncertainty

Correlation fields for the four PPEs are shown in Figure 2; Table 1 gives pointwise mean and area-weighted
global mean summary statistics. As long as temperature information is part of the pseudoproxy construc-
tion, validation-period skill, bias, and resolved amplitude patterns for gridded fields (Figures 2, 3, S3, and
S4) and GMAT time series (Table 1) are similar, albeit weaker than those reported by Smerdon et al. [2011a]
for a larger multiproxy PPE network (283 locations versus the subset of 191 sites studied here, at which tree
ring width or maximum latewood density are found; Figure 1) for which pseudoproxies were based solely
on temperature [Smerdon et al., 20113, Figure S4 and Table S4]. The CFR derived solely from precipitation
(Figure 2b and Table 1) has relatively poor skill and uncertainty characteristics. These results partly arise from
the number of coupled CCA patterns resolved for each PPE (Table S2) [Smerdon et al., 2011b]: 8 (12,7) spatial
patterns are calibrated in the T (T + P and VSL) PPEs, but only four patterns are calibrated in the P-based PPE.

For all experiments, and consistent with the results of Smerdon et al. [2011a], skill and amplitude recovery

is generally highest in regions having dense observational coverage (compare Figure 1 to Figures 2 and 3).
This is a result that has previously been shown across reconstruction methodologies [Smerdon et al., 2011a]
but likely deteriorates as observing network density decreases over time [Wang et al., 2014]. Not
surprisingly, given the PPE target of surface temperature, the highest levels of regional skill are found in
densely observed parts of North America and Europe (Figure 1) for the temperature-based PPE (Figure 2).
The T+ P PPE produces almost as much skill in these regions (Figures 2a and 2c). The VSL-based PPE
(Figure 2d) produces a similar but overall weaker skill pattern which is not as weak as that resulting from use
of precipitation-based pseudoproxies (Figure 2a). These relative performance characteristics are also found
in the resolved amplitude (Figure 3), RMSE (Figure S3), mean bias (Figure S4), and frequency band-resolved
amplitude (Figures S5 and S6) fields. Locally (Figure S7), these results are consistent with limited correlation
between grid point temperature and precipitation time series, the increased complexity of the pseudoproxy
formulation in VSL, and the “lossy” nature of information via the transformation of T and P into simulated
ring widths [Tolwinski-Ward et al., 2014]. Although the T + P candidate linearly retains approximately 50% of
the variance in the T candidate and P contains very little information correlated with T, VS-Lite's trivariate
growth function is dependent on nonlinear and bivariate transformation of T and P into soil moisture, non-
linear scaling by insolation, and subannually resolved, thresholded dependence on temperature and soil
moisture [Tolwinski-Ward et al., 2011al. The net effect of these features appears to remove VSL further from a
linear correlation with the target field at the pseudoproxy site than T+ P, but not as far as P (Figure S7).

We would expect the common spatial variations in skill, error, and bias, which are observed across all PPEs,
to be in part generated from teleconnections between densely and sparsely observed regions and there-
fore somewhat dependent on the climate model and simulation on which the PPE is based [Smerdon et al.,
2011a; Wang et al., 2014]. With the climate model basis and the observing network as constants in this
set of experiments, T, T+ P, and VSL-based PPEs indicate some skill in regions without dense observations,
for instance, the Indo-Pacific region and the tropics more generally, while the P-based PPE does not
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Figure 3. CFR standard deviation ratios (ocrr/0utn) for (a) temperature only (T), (b) precipitation only (P), (c) temperature plus precipitation (T + P), and (d) VS-Lite
(VSL) pseudoproxy-based reconstruction of mean annual temperature.

show skill in these same regions. This suggests that remote CFR skill derives from recovery of large-scale
patterns by the reconstruction methodology and from resolved large-scale patterns in SAT in particu-
lar, given that there are large-scale patterns in CFR skill, bias, RMSE, and amplitude recovery for all PPEs
(Figures 2, 3, and S3-56). However, the results suggest that even precipitation or moisture-dominated
paleo-observations may produce validated nonlocal CFR skill, perhaps because of the covariance of
temperature and precipitation patterns in the climate system, here as represented in a climate simu-
lation. Examination of the amplitude patterns over low-pass and high-pass frequency bands (Figures

S5 and S6) suggests that much of the similarity arises from resolution of low-frequency (<1/20 cyc/yr)
signals, with only limited skill arising from the correlation of T+ P, P, and VSL pseudoproxies with local

T (Figure S7).

Spectral analysis of detrended reconstructed GMAT for the validation interval 1000-1855 C.E. and compar-
ison to ECHO-G “truth” (black line) suggests that PPE skill in the spectral domain is a function of frequency.
All PPEs underestimate the low-frequency variance and overestimate variance at frequencies higher than
about 0.4 cyc/yr (Figure 4), thereby underestimating the true “redness” of the ECHO-G power spectrum
[von Storch et al., 2004, 2009]. However, for frequencies less than about 1/5 cyc/yr, spectra for T, T+ P, and
VSL-based CFRs are indistinguishable within uncertainty (Figure 4), which suggests that partial temperature
responders, even if realistically nonlinear and multivariate, may nevertheless produce accurate spectra of
reconstructed GMAT [Franke et al., 2013]. Examination of the resolved amplitude patterns for low-pass and
high-pass frequency bands (Figures S5 and S6) suggests that much of the skill in the T, T+ P, and VSL-based
PPEs arises from resolution of low-frequency (<1/20 cyc/yr) signals. In contrast, but consistent with the
results of Franke et al. [2013] for precipitation proxies, the resolved variance in the GMAT reconstruction for
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the P-based CFR is significantly
smaller than truth for this frequency
interval and fails to resolve low (<1/5
cyc/yr) frequencies (Figures 4, S5, and
S6). A similar result is observed for
the spectrum of GMAT reconstructed
from pseudoproxies constructed
using the soil moisture model [Huang
et al., 1996] embedded within VS-Lite,
but with even less total resolved vari-
ance than observed for the P-based
CFR (results not shown). Together,
these results suggest that skill from
1000 1200 1200 1600 1800 2000 mixed temperature and moisture
Time (years C.E.) responders for reconstruction of the
SAT field may be biased in amplitude
as a function of both frequency and
observing network. Regional-level
analysis of actual CFR results, espe-

Reconstructed Temperature Anomaly (K)

=
o
<\|§ 10 cially outside of densely observed
X regions in space and/or time [e.g.,
% Mann et al., 2009], should therefore
§ 107" proceed with caution and additional
= validation prior to interpretation
] [von Storch et al., 2009; Smerdon et al.,
& 2011a; Franke et al., 2013; Wang
= 107
g etal., 2014].
o
a
, 4, Conclusion
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0 0.1 02 03 0.4 0.5 PPE results using pseudoproxies that
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realistically (if crudely) mimic the mul-
Figure 4. (top) Time series of ECHO-G global mean air temperature (GMAT) tivariate and nonlinear response of
and reconstructed GMAT derived from temperature (T), temperature plus
precipitation (T + P), precipitation (P), and VS-Lite (VSL) pseudoproxies.
Series have been smoothed with a decadal-timescale filter for clarity.

tree ring width variations to envi-
ronmental forcing suggest that CFRs

(bottom) Multitaper power spectra for T, P+T, P, and VSL GMAT for based largely on tree ring widths
detrended time series for the validation interval 1000-1855 C.E. Dark should have spatial skill and error sim-
grey shading is 95% amplitude confidence intervals for the ECHO-G ilar in pattern but substantially poorer

spectrum, and light grey shading is 95% confidence intervals for the other

, in quality than CFRs produced from
spectral estimates.

idealized univariate linear tempera-

ture responders. However, as long as
the responder contains some temperature information, GMAT reconstructions derived from such indicators
should accurately resolve the low-frequency spectral characteristics of the true climate. More generally, the
results presented here may also have implications for the expected skill and uncertainty for surface temper-
ature CFRs based on other proxy systems having mixed moisture and temperature responses, such as the
stable isotopic composition of various marine and terrestrial archives, or for multiproxy-based GMAT recon-
structions based on collections of paleodata with combined multivariate responses [e.g., Mann et al., 1998;
Cook et al., 1999; Evans et al., 2002; Mann, 2002; Cook et al., 2004; Mann et al., 2008]. These results may not
take into account many systematic observational uncertainties in actual paleodata [Evans et al., 2013] and
CFR construction [Emile-Geay et al., 2013], such as chronological uncertainty [e.g., Anchukaitis and Tierney,
2012; Comboul et al., 2014], response seasonality [e.g., St. George and Ault, 2014], or standardization or sig-
nal filtering choices [e.g., Melvin and Briffa, 2008]. We also caution that these results may be sensitive to
the choice of realistic proxy system model parameters [e.g., Anchukaitis et al., 2012]. In the real world, the
low-frequency signals in the paleo-observations themselves are difficult to validate against direct observa-
tions; doing so for spatially resolved CFRs, given the results presented here, is only more so. Nevertheless,
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a strategy that includes further improvements in the observing network extent, reconstruction methods,
observational SNR properties, and interpretive modeling of tree ring width and other paleodata should con-
tinue to improve the quality and utility of real-world CFRs for analysis of regional-to-global-scale surface
temperature variations.

References

Anchukaitis, K. J,, and J. E. Tierney (2012), Identifying coherent spatiotemporal modes in time-uncertain proxy paleoclimate records, Clim.
Dyn., 1423-1441, doi:10.1007/500382-012-1483-0.

Anchukaitis, K. J., M. N. Evans, A. Kaplan, E. A. Vaganov, H. D. Grissino-Mayer, M. K. Hughes, and M. A. Cane (2006), Forward modeling of
regional-scale tree-ring patterns in the southeastern United States and the recent influence of summer drought, Geophys. Res. Lett.,
33, L04705, doi:10.1029/2005GL025050.

Anchukaitis, K. J., et al. (2012), Tree rings and volcanic cooling, Nat. Geosci., 5, 836-837, doi:10.1038/ngeo1645.

Babst, F, et al. (2013), Site- and species-specific responses of forest growth to climate across the European continent, Global Ecol.
Biogeography, 22, 706-717, doi:10.1111/geb.12023.

Breitenmoser, P, S. Bronnimann, and S. Frank (2014), Forward modeling of tree-ring width and comparison with a global network of
tree-ring chronologies, Clim. Past, 10, 437-449, doi:10.5194/cp-10-437-2014.

Brohan, P, J. J. Kennedy, I. Harris, S. F. B. Tett, and P. D. Jones (2006), Uncertainty estimates in regional and global observed temperature
changes: A new data set from 1850, J. Geophys. Res., 111, D12106, doi:10.1029/2005JD006548.

Christiansen, B. (2011), Reconstructing the NH mean temperature: Can underestimation of trends and variability be avoided?, J. Clim., 24,
674-692.

Comboul, M., J. Emile-Geay, M. N. Evans, N. Mirnateghi, K. M. Cobb, and D. M. Thompson (2014), A probabilistic model of
chronological errors in layer-counted climate proxies: Applications to annually-banded coral archives, Clim. Past, 10, 825-841,
doi:10.5194/cp-10-825-2014.

Cook, E. R, and L. Kairiukstis (Eds.) (1990), Methods of Dendrochronology: Applications in the Environmental Sciences, 394 pp., Kluwer,
Boston, Mass.

Cook, E. R., D. M. Meko, D. W. Stahle, and M. K. Cleaveland (1999), Drought reconstructions for the continental United States, J. Clim., 12,
1145-1162.

Cook, E. R, C. A. Woodhouse, C. M. Eakin, D. M. Meko, and D. Stahle (2004), Long-term aridity changes in the western United States,
Science, 306(5698), 1015-1018.

Emile-Geay, J., K. M. Cobb, M. E. Mann, and A. T. Wittenberg (2013), Estimating central equatorial Pacific SST variability over the past
millennium. Part I: Methodology and validation, J. Clim., 26, 2302-2328, doi:10.1175/JCLI-D-11-00510.1.

Evans, M. N., A. Kaplan, and M. A. Cane (1998), Optimal sites for coral-based reconstruction of sea surface temperature, Paleoceanography,
13, 502-516.

Evans, M. N., A. Kaplan, M. A. Cane, and R. Villalba (2001), Globality and optimality in climate field reconstructions from proxy data, in
Interhemispheric Climate Linkages, edited by V. Markgraf, pp. 53-72, Cambridge Univ. Press, Cambridge, U. K.

Evans, M. N., A. Kaplan, and M. A. Cane (2002), Pacific sea surface temperature field reconstruction from coral 5180 data using reduced
space objective analysis, Paleoceanography, 17, 1007, doi:10.1029/2000PA000590.

Evans, M. N., A. Kaplan, J. E. Smerdon, and M. K. Hughes (2006a), The spectral, multivariate and non-stationary nature of the
paleoproxy-climate connection: Implications for paleoclimate reconstructions, EOS Trans. AGU, 87(52), Fall Meet. Suppl.,

Abstract U11B-02.

Evans, M. N., B. K. Reichert, A. Kaplan, K. J. Anchukaitis, E. A. Vaganov, M. K. Hughes, and M. A. Cane (2006b), A forward modeling
approach to paleoclimatic interpretation of tree-ring data, J. Geophys. Res., 111, G03008, doi:10.1029/2006JG000166.

Evans, M. N., S. E. Tolwinski-Ward, D. M. Thompson, and K. J. Anchukaitis (2013), Applications of proxy system modeling in high resolution
paleoclimatology, Quat. Sci. Rev., 76, 16-28, doi:10.1016/j.quascirev.2013.05.024.

Franke, J., D. C. Frank, C. C. Raible, J. Esper, and S. Bronniman (2013), Spectral biases in tree-ring climate proxies, Nat. Clim. Change, 3,
360-364, doi:10.1038/nclimate1816.

Fritts, H. C. (1976), Tree Rings and Climate, Academic Press, New York.

Gonzalez-Rouco, J. F, H. Beltrami, E. Zorita, and H. von Storch (2006), Simulation and inversion of borehole temperature profiles in
surrogate climates: Spatial distribution and surface coupling, Geophys. Res. Lett., 33, L01703, doi:10.1029/2005GL024693.

Gonzélez-Rouco, J. F, H. Beltrami, E. Zorita, and M. B. Stevens (2009), Borehole climatology: A discussion based on contributions from
climate modeling, Clim. Past, 5, 97-127, doi:10.5194/cp-5-97-2009.

Graham, N. E., and E. R. Wahl (2011), Paleoclimate reconstruction challenge: Available for participation, PAGES/CLIVAR Newslett., 19(2),
71-72.

Huang, J., H. M. van den Dool, and K. P. Georgakakos (1996), Analysis of model-calculated soil moisture over the United States
(1931-1993) and applications to long-range temperature forecasts, J. Clim., 9, 1350-1362.

Legutke, S., and R. Voss (1999), The Hamburg atmosphere-ocean coupled circulation model ECHO-G, DKRZ, Tech. Rep. 18, Dtsch.
Klimarechenzentrum, Hamburg, Germany.

Mann, M. E. (2002), The value of multiple proxies, Science, 297, 1481-1482.

Mann, M. E., R. S. Bradley, and M. K. Hughes (1998), Global temperature patterns over the past five centuries: Implications for
anthropogenic and natural forcing of climate, Nature, 392, 779-787.

Mann, M. E., R. S. Bradley, and M. K. Hughes (1999), Northern hemisphere temperatures during the past millennium: Inferences,
uncertainties and limitations, Geophys. Res. Lett., 26, 759-762.

Mann, M. E., S. Rutherford, E. Wahl, and C. Ammann (2005), Testing the fidelity of methods used in proxy-based reconstructions of past
climate, J. Clim., 18(20), 4097-4107.

Mann, M. E., Z. Zhang, M. K. Hughes, R. S. Bradley, S. K. Miller, and S. Rutherford (2008), Proxy-based reconstructions of hemi-
spheric and global surface temperature variations over the past two millennia, Proc. Natl. Acad. Sci. U.S.A., 105(36), 13,252-13,257,
doi:10.1073/pnas.0805721105.

Mann, Z., M. E. Zhang, S. Rutherford, M. K. Bradley, R. S. Hughes, D. Shindell, C. Ammann, G. Faluvegi, and F. Ni (2009), Global signatures
and dynamical origins of the Little Ice Age and Medieval Climate Anomaly, Science, 326, 1256-1260, doi:10.1126/science.1177303.

Melvin, T. M., and K. R. Briffa (2008), A “signal-free” approach to dendroclimatic standardisation, Dendrochronologia, 26, 71-86,
doi:10.1016/j.dendro.2007.12.001.

EVANS ET AL.

©2014. American Geophysical Union. All Rights Reserved. 7


http://dx.doi.org/10.1007/s00382-012-1483-0
http://dx.doi.org/10.1029/2005GL025050
http://dx.doi.org/10.1038/ngeo1645
http://dx.doi.org/10.1111/geb.12023
http://dx.doi.org/10.5194/cp-10-437-2014
http://dx.doi.org/10.1029/2005JD006548
http://dx.doi.org/10.5194/cp-10-825-2014
http://dx.doi.org/10.1175/JCLI-D-11-00510.1
http://dx.doi.org/10.1029/2000PA000590
http://dx.doi.org/10.1029/2006JG000166
http://dx.doi.org/10.1016/j.quascirev.2013.05.024
http://dx.doi.org/10.1038/nclimate1816
http://dx.doi.org/10.1029/2005GL024693
http://dx.doi.org/10.5194/cp-5-97-2009
http://dx.doi.org/10.1073/pnas.0805721105
http://dx.doi.org/10.1126/science.1177303
http://dx.doi.org/10.1016/j.dendro.2007.12.001
http://one.geol.umd.edu/www/data/
http://one.geol.umd.edu/www/data/
http://www.ncdc.noaa.gov
http://www.ncdc.noaa.gov
ftp://ftp.ncdc.noaa.gov/pub/data/paleo/softlib/vs-lite/
ftp://ftp.ncdc.noaa.gov/pub/data/paleo/softlib/vs-lite/

@AG U Geophysical Research Letters 10.1002/2014GL062063

Min, S., S. Legutke, A. Hense, and W. Kwon (2005a), Internal variability in a 1000-yr control simulation with the coupled climate model
ECHO-G - I. Near surface temperature, precipitation and sea level pressure, Tellus, 57A, 605-621.

Min, S., S. Legutke, A. Hense, and W. Kwon (2005b), Internal variability in a 1000-yr control simulation with the coupled climate model
ECHO-G - II. El Nifio Southern Oscillation and North Atlantic Oscillation, Tellus, 57A, 622-640.

Smerdon, J. E. (2012), Climate models as a test bed for climate reconstruction methods: Pseudoproxy experiments, WIRES Clim. Change,
3, 63-77, doi:10.1002/wcc.149.

Smerdon, J. E,, A. Kaplan, E. Zorita, J. F. Gonzalez-Rouco, and M. N. Evans (2011a), Spatial performance of four climate field reconstruction
methods targeting the Common Era, Geophys. Res. Lett., 38, L11705, doi:10.1029/2011GL047372.

Smerdon, J. E., A. Kaplan, D. Chang, and M. N. Evans (2011b), A pseudoproxy evaluation of the CCA and RegEM methods for
reconstructing climate fields of the last millennium, J. Clim., 24, 1284-1309, doi:10.1175/2010JCLI4110.1.

St. George, S., and T. R. Ault (2014), The imprint of climate within Northern Hemisphere trees, Quat. Sci. Rev., 89, 1-4,
doi:10.1016/j.quascirev.2014.01.007.

Taylor, K. E., R. J. Stouffer, and G. A. Meehl (2012), An overview of CMIP5 and the Experiment Design, Bull. Am. Meteorol. Soc., 93, 485-498,
doi:10.1016/BAMS-D-11-00094.1.

Tolwinski-Ward, S. E., M. N. Evans, M. K. Hughes, and K. J. Anchukaitis (2011a), An efficient forward model of the climatic controls on
internanual variation in tree-ring width, Clim. Dyn., 36, 2419-2439, doi:10.1007/500382-010-0945-5.

Tolwinski-Ward, S. E., M. N. Evans, M. K. Hughes, and K. J. Anchukaitis (2011b), Erratum to: An efficient forward model of the climatic
controls on internanual variation in tree-ring width, Clim. Dyn., 36, 2441-2445, doi:10.1007/500382-011-1062-9.

Tolwinski-Ward, S. E., K. J. Anchukaitis, and M. N. Evans (2013), Bayesian parameter estimation and interpretation for an intermediate
model of tree-ring width, Clim. Past, 9, 1481-1493, doi:10.5194/cp-9-1481-2013.

Tolwinski-Ward, S. E., M. P. Tingley, M. N. Evans, D. W. Nychka, and M. K. Hughes (2014), Probabilistic reconstructions of local temperature
and soil moisture from tree-ring data with potentially time-varying climatic response, Clim. Dyn., doi:10.1007/500382-014-2139-z,
in press.

Vaganov, E. A, M. K. Hughes, A. V. Kirdyanov, F. H. Schweingruber, and P. P. Silkin (1999), Influence of snowfall and melt timing on tree
growth in subarctic Eurasia, Nature, 400, 149-151.

Vaganov, E. A, M. K. Hughes, and A. V. Shashkin (2006), Growth Dynamics of Conifer Tree Rings: Images of Past and Future Environments,
Ecol. Studies, vol. 183, 354 pp., Springer, Berlin.

Vaganoy, E. A, K. J. Anchukaitis, and M. N. Evans (2011), How well understood are the processes that create dendroclimatic records?
A mechanistic model of the climatic control on conifer tree-ring growth dynamics, in Tree Rings and Climate: Sharpening the Focus,
Developments in Environmental Research, vol. 11, edited by M. K. Hughes, T. W. Swetnam, and H. F. Diaz, chap. 3, pp. 37-75, Springer,
New York.

von Storch, H. (1995), Inconsistencies at the interface of climate impact studies and global climate research, Meteorol. Z., 4, 71-80.

von Storch, H. (2010), Climate models and modeling: An editorial essay, WIRES Clim. Change, 1, 305-310, doi:10.1002/wcc.12.

von Storch, H., E. Zorita, J. M. Jones, Y. Dimitriev, J. F. Gonzélez-Rouco, and S. F. B. Tett (2004), Reconstructing past climate from noisy
data, Science, 306, 679-682.

von Storch, H., E. Zorita, and J. F. Gonzélez-Rouco (2009), Assessment of three temperature reconstruction methods in the virtual reality
of a climate simulation, Int. J. Earth Sci., 98, 67-82, doi:10.1007/500531-008-0349-5.

Wang, J.,, J. Emile-Geay, D. Guillot, J. E. Smerdon, and B. Rajaratnam (2014), Evaluating climate field reconstruction techniques using
improved emulation of real-world conditions, Clim. Past, 10, 1-19, doi:10.5194/cp-10-1-2014.

EVANS ET AL.

©2014. American Geophysical Union. All Rights Reserved. 8


http://dx.doi.org/10.1002/wcc.149
http://dx.doi.org/10.1029/2011GL047372
http://dx.doi.org/10.1175/2010JCLI4110.1
http://dx.doi.org/10.1016/j.quascirev.2014.01.007
http://dx.doi.org/10.1016/BAMS-D-11-00094.1
http://dx.doi.org/10.1007/s00382-010-0945-5
http://dx.doi.org/10.1007/s00382-011-1062-9
http://dx.doi.org/10.5194/cp-9-1481-2013
http://dx.doi.org/10.1007/s00382-014-2139-z
http://dx.doi.org/10.1002/wcc.12
http://dx.doi.org/10.1007/s00531-008-0349-5
http://dx.doi.org/10.5194/cp-10-1-2014

	Climate field reconstruction uncertainty arising from multivariate and nonlinear properties of predictors
	Abstract
	Introduction
	Experimental Design
	CFR Skill and Uncertainty
	Conclusion
	References



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /All
  /Binding /Left
  /CalGrayProfile (None)
  /CalRGBProfile (ECI-RGB.icc)
  /CalCMYKProfile (Photoshop 5 Default CMYK)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.6
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages false
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends false
  /DetectCurves 0.1000
  /ColorConversionStrategy /sRGB
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 524288
  /LockDistillerParams false
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo false
  /PreserveFlatness false
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Preserve
  /UCRandBGInfo /Remove
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
    /Courier
    /Courier-Bold
    /Courier-BoldOblique
    /Courier-Oblique
    /Helvetica
    /Helvetica-Bold
    /Helvetica-BoldOblique
    /Helvetica-Oblique
    /Symbol
    /Times-Bold
    /Times-BoldItalic
    /Times-Italic
    /Times-Roman
    /ZapfDingbats
  ]
  /AntiAliasColorImages false
  /CropColorImages false
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.00000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasGrayImages false
  /CropGrayImages false
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.00000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasMonoImages false
  /CropMonoImages false
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 400
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.00000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects true
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<
    /ENU ()
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AllowImageBreaks true
      /AllowTableBreaks true
      /ExpandPage false
      /HonorBaseURL true
      /HonorRolloverEffect false
      /IgnoreHTMLPageBreaks false
      /IncludeHeaderFooter false
      /MarginOffset [
        0
        0
        0
        0
      ]
      /MetadataAuthor ()
      /MetadataKeywords ()
      /MetadataSubject ()
      /MetadataTitle ()
      /MetricPageSize [
        0
        0
      ]
      /MetricUnit /inch
      /MobileCompatible 0
      /Namespace [
        (Adobe)
        (GoLive)
        (8.0)
      ]
      /OpenZoomToHTMLFontSize false
      /PageOrientation /Portrait
      /RemoveBackground false
      /ShrinkContent true
      /TreatColorsAs /MainMonitorColors
      /UseEmbeddedProfiles false
      /UseHTMLTitleAsMetadata true
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /BleedOffset [
        0
        0
        0
        0
      ]
      /ConvertColors /ConvertToRGB
      /DestinationProfileName (sRGB IEC61966-2.1)
      /DestinationProfileSelector /UseName
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements true
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles true
      /MarksOffset 6
      /MarksWeight 0.250000
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /DocumentCMYK
      /PageMarksFile /RomanDefault
      /PreserveEditing true
      /UntaggedCMYKHandling /UseDocumentProfile
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [600 600]
  /PageSize [612.000 792.000]
>> setpagedevice


